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ABSTRACT 



Data accumulated over two years were enaly2ed ir 
order to evaluate two ccuponents cf a teachei education 
curriculum — performance objectives and self analysis skills. A 
multi-step procedure bias devised and iifleaerted which tses 
regression to illustrate the feasibility cf inplementing the 
procedure for curric ula-r deci3ioq makirc. Ihis procedure prcvides an 
empirical rationale 'for assigning decisicr-weigfats tc vaiiatles and 
illustrates how to combine the weighted variables t*. xeicer a 
decision req^arding the effectiveness cf a ciniculai component. A 
nuttber cf eval.uaticn models are briefly discussed. (Authcx/CTtt) 



* Reproductions supplied by EDB£ are the best that car be made * 

* from the original decumert. * 

****************** ********************* ******** J********* 444***4*44**** 



ERIC 



US DEPARTMENT OF HEALTH. 
EDUCATION 4 WELFARE 
NATIONAL INSTITUTE OP 
EOUCATION 

This DOCUMENT HAS BEEN REPRO- 
DUCED EXACTLY AS RECEIVED FROM 
the PERSON OR ORGANIZATION ORIGIN* 
ATiNG IT POINTS OF VIEW OR OPINIONS 
STATED DO NOT NECESSARILY REPRE* 
SENT OFFICIAL NATIONAL INSTITUTE OF 
EDUCATION POSITION OR POLICY 



Curriculum Decisions using Decision Weights 
An Empirical Basis for Product Evaluation 



Jon J. Denton 
Associate 1 Professor 
Texas ARM University 



"PERMISSION TO REPRODUCE THIS 
MATERIAL HAS BEEN GRANTED BY 



TO THE EDUCATIONAL RESOURCES 
INFORMATION CENTER (ERIC) AND 
USERS OF THE ERIC SYSTEM " 



This project was undertaken to integrate matlicMuat'ical ly date. 

collected over two years to evaluate a curriculum. A multi-step 

procedure was devised and implemented which uses regression procedures 

* 

to generate decision weights for variables included in the decision 
e<pressions. Longitudinal data related to two curriculum components 
were examined to illustrate the feasibility of implementing the pro- 
cedure for currfcular decision making' . : This procedure provides an , 
empirical rationale for assigning decision-weights to variables and 
illustrates how to combine the weighted variables to render a decision 
regarding the effectiveness of a curricular component. 



r»n r 1 1 ilium Precisions . . 



^^Comprehens i v»> tun iculum PVfi 1 uii 1 1 on i f » >\ v»m y rnmplox proco r A. 

This assertion is reasonable for no other reason than the variety of 

variables/such as the following, that must be attended tor learner 

achievement., interpersonal communications, power strut turr?s , school 

organizational climates, variety and quality of instructional resources 

available," and societal norms concerning education. With such a variety 

of concerns vying for attention, an evaluation project must define 

evaluation and differentiate the goal from the functions if the evaluation 

process is to contribute to the curriculum under scrutiny.,, In an 

oft-cited work, Scriven (1967) de f ined evaluation as a methodological 

activity in the following manner. 

"The activity ronsists simply in the g-Uhorinq and 
combining of performance data with a weight erf set 
of goal scales to yield either comparative nr 
numerical ratings and in the justification tvf (a) 
the data (lathering instruments, (b) the weighting 
and (c) the selection of goals." (p, 40] 

Expanding on this definition, Scriven stated that ovalaution should not 
only collect and analyze data, but should make judgments and report 
tfiese judgments publicly. 

Another significant definition of evaluation was developed by the 
Phi Delta Kappa National Study Committee on Evaluation (Stuff lebeem , 
1971); 

"Evaluation is the prni e r ,s of del inoat ing , obtaining 
and ptnviding useful information for* judging decision 
'i I tornciUvs," (p, XXV) 

In contrast to Scriven, the authors of this definition emphasize that 

evaluation is a continuing process which provides information that 

should guide decision making, not, produce judgments. The authors of 

these respective definitions agree that evaluation is a process whereby 
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dita ato (jaflHMcd lot* I hi* pin post* of f If *< ision ir.ii ni'i, but < I i s ,m| tcm^ un 
who is to make the decisions.: The 3 issue of who makes the decisions 
may not be central if the scope of the curriculum ovalaution is limited 
to a small scale project and the curriculum developers are also serving 
as evaluators. When curriculum dovelopment and subsequent evaluation 
of the. curriculum occurs in educational settings whether at the local 
district or building level, or within higher education at the college 
or department level, the developer and cvaluator roles may be assumed 
by the same individuals. It is assumed that under these circumstances 
the curriculum is being designed for a particular' educational setting 
with no grandiose plans for marketing the curriculum regionally or 
nationally. Under these conditions, decision making in regard to the 
effectiveness of curriculum components is a viable goal and violates 
neither Scriven' s nor the PUL committee's formulations of the concept 
"evaluation.;" 

With an .evaluation goal in mind, attention n.u^f be directed to the 
functions of the evaluation process. These functions may be directed 
oither to the development , execution, and implementation of a curriculum 
or to the nolitical and economic support for the curriculum (Zais, 
19/6, p. 377)., Remuse of the different emphase" that are possible, 
it is difficult to develop a single 1 generalize! mndol for curriculum 
evaluation. Mn a positive note, howevor, numerous mnroptual models 
out lining vauoir, I ype r . f) f rvalu.Hion havo lu on ,oI\miu *'d during I ho 
past decado. lor example, the Countenance Model (Stake, 1967), Format i v 
and Summative Evaluation (Scriven, 1967), the Modus Operandi Method 
(Scriven, 1974), the UPP (fnntont, Input, Process, Product) Evaluation 



( ih > i (.ilium Dim isinn*. .... -1 

Model (Mul f lohoam, v\ al, I 1 )/!), ' Ik* Hi>< »op,nir y Miulol (lYovus, I 'KM K 
and the Center fur the Study of Evaluation (CSE) Model (Alkin, 1974) 
are amonq the more familiar models.; These models identify critical 
decision-making points along the continuum of processes occurring in 
curriculum development, particularly, the ^clevel opnrnL sequence championed 
by Tyler ( 1950) and sustained by Taba (1962). 

Once a model is selected or created from the theoretical con- 
structs provided by the various models, the evaluator is face^with 
pragmatic issues of identifying appropriate instrumentation, selecting 
the sample, and analyzing the data. In his definition of evaluation, 
Scriven refers to the issue of combining data with weighted goal scales 
to produce, numerical ratings and to the justification of those "weighting 
This weighting construct is trrferiguino and should infl/ience data 
analysis significantly. Weioht/ng the data sources^™ tonus of their 
relative, importance prior to data collection appears to be what Scriven 
is suggesting when he discusses the primary, secondary, and tertiary 
effects of the curriculum on the various actors affected by the 
curriculum.: Ihe^offects of the Materials on the learners' mental and 
nonmental abilities and attitudes are labeled as the primary effects 
of the curriculum. Secondary effects of the curriculum affect those 
individuals who implement the curriculum, namely, teachers, teacher 
aidf ,r . % '.upf rv i \n»\ % whilo torfiiuy pIIclI*. aro Ihn'.n Hlofts on I ho 
vhool or- ot.h^r' s I udrnf s brought about by learrKMS or toachers who 
exhibit the primary or secondary effects (Scriven, 196/, pp. 74-82).* 

If primary effects such as achievement data, attitude data, 
and subsequent follow-up information are obtained from learners, should 
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all of (hose data sources have oijua 1 weight iVus? rnver, if se< oud<u y 
effects, such as supervisor and/or principal ratinos of program effective- 
ness are collected and combined, with the primary effects*, what "weiqhts" 
should these data sources assume? Rather than assign decision weiqhts 
a .. PiJJ^T.b this Project was undertaken to develop a procedure whereby 
various data were collected, treated to determine decision weights, then 
combined in a mathematical decision equation. Specifically, the develop- 
ment and implementation of a procedure to empirically weight the data 
was an ancillary goal of this project, while the primary goal was the 
mathematical integration of weighted data to evaluate the quality of 
curriculum components.. 

Mathematical Decision Making - tyo Examples 

In these illustrations, a three phase collection plan was 
implemented to obtain longitudinal data from a competency based 
teacher preparation program. Both the data collection plan and the 
curriculum are discussed elsewhere (Denton, 1977). It is felt how- 
ever, that the techniques described herein for producing decision 
expressions can be generalized to other settings and curricula. 

Two curriculum components, namely, performance objectives and self 
analysis skills, were selected from the curriculum to demonstrate the 
statist if dl trthniqurs and commit a f. iona 1 procedures u«,nd to yield 
decision weights and ultimately, the respective derision equations, 
'jiven the natux- -t f ho collection plan, a large number of variables 
(174) resulted for each indiviudal in the sample. However, logical 
relations between variables from each phase of the collection plan 
and the criterion variable (candidate achievement measure/instructional 
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unit) reduced tin 1 number of potonfial pt edit t n» lot imiIi uirri cul uni 

component to a manageable nunbcr, namely, so ven for' the performance 

objectives unit and nine for the self analvsi , sfilK unit. 

The initial statistical t rea t 'nen t involved the 1 PSQ'JAKI procedure 

from the Statistical Analysis System (SAS) (Ban and (iooclni qht , 1972). 

This procedure performed multiple regressions to the dependent variable 

with the predictors identified in the preceding stop. Maximum variance 
2 

(R = .367) was accounted for by incorporating all seven of these 
variables for the curriculum component dealing with performance object ives : 



Typo of 
Vari able 

In tori on 



Predi ctor 



Predi ctot" 



Prodi ctor 



Predictor 



Predictor 



Svii'hol Inscription of Variable 

AUIH Candidate achievement Vti 1 ui* for performance* 

ol) jp c t i \ curriculum component. Numerical 
Vdlue M'prosents the nun'l^r of objectives 
athiovod by the former candidate over this 
topic 

RLCYB N'lmhet* of remediation attempts initiated 

by tJio f andi^iate during t h» v curriculum 
component on performance objectives.; 

f.SlfJ Uassroom Supervisor of Student Teacher 

rat inq on the relation of tost, items to 
performance objectives both of which were 
developed by the candidate during bis student 
teaching experience. 

(,SB r Classroom Supervisor of '.tudent Teacher 

combined ratings on t ho development and use 
of performance object i ves t hy the teach inq 
f-tndidate durinq his student teaching 
oxper i once 

tISIM (Ini vers f^y Supervisor of Student Teacher 

rating on the relation of test items to 
pen nrnanco objectives, both of which were 
deve/loped by the student teacher,., 

USBT dniversity Supervisor of Student Teacher com- 

bined ratings on the development and use of 
wrfon'iance objectives by the teaching candidate 
ouring the student teaching experience. 
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I"v po Of 
Variable 

Predictor 



Predictor 



Symbol 



IT 



PT 



In the case 
optimal van 

variables; 

Type of 
Variable 

Criterion 



Predictor 



Predictor 



Prod tr tor 



Predictor 



Predictor 



Description of Variable 
""'iportance of IK i„' } 6ate > on the 

offh ^-"'"--aaria&r:,*; 
;; ur " ic c ' 

•»»>«. Produced by the foHo„i„g f ,v e 



Symbol 

Aciir 

RE CYC 



Ascription 0 f Variable 



CS2H 



cs(.r 



n 1 



PIT 



^presents the nK,^ f ' Um f r,cal vali* 

b * fon, B r w„?fdi t ;\ f < 0bject1v « thieved 

thf conS!daTrd,rfMo^;: ft0m,,U '"Elated by 
P 0 "e^to^self-ta;;^^U'i^^ CU,u ' , '^'- 

LKis^room Supervisor n f r f , 

I"}'"'" the cadi* 's' t ; l ?l' f „ Te t aCher 

Si' 1 : ?^ S C % f'-Chor coined 

«"*an„ or act 0," ' Sni,,t >' "> 

'"•>(l...| ,,,„>, , classify 

•■nalv-.i-, ' ""' ' «f instructional 

J"-'"' "f self.Ii' on the imp,,,- 

'0 Man a variety if .MJ?^""" ""Ms 

v- i tet£ n ?^::u i ":^.? ii r 

offnetivnness nf S '"'"""'"o) on the 

thn i ,? h o? i':?': ,lri,t ;on program t „ 
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IllPM* n".|HM I 1 Vi* |»M»(l|f I (H -d' |K'M(|p|ll V'lMtlhlf '.''I . lor I||P (MM 

f 

fonnance objectives and s e 1 f - d|i a 1 v r > i s skills curriculum components were 
subsequently analyzed by simple r orrelotional te< hniques. : This procedure 
was undertaken to determine the degree of independence amony predictors 
within each set of variables. Tallies 1 and 2 present correlation tables' 0* 
the variables for each of the curriculum components. Ihese tables reflect 
instances of substantial intercorrelations between predictors, (IEP-PLT, 
CSLT-CS28 in Table 1; CS18-CSBT , MS 1 8-CSBT , USBT-CBST, US18-CS18, US18- 
USBT, IT-Pf, USBT-CS18 in Table 2). These variables woe not removed from 
the predictor dependent variable sets at this point, but concern for 
tne possibility of suppression variables beinq present in the respective 
variable sets was heightened. Suppression variables result when two 
or more ptedictors are sufficiently i ntercorrel ated and have quite 
different correlations with the dependent variables; and while the 
suppression variable may increase the total variance of the model, the 
interpretation of the unique contribution of this variable to the model 
is not clear. Moreover, the existence of a suppression variable is 
signalled when the siqn of its regression coefficient is opposite ■ 
the sign of its simple correlation with the, criterion (Garms, Note], 

Insert Tables 1 9* 2 

Subsequent to the; corn 1 lot ion analysis, a leqression procedure, 

entitled maximum K-MJIIMI impr ovrw. nt , was used In produce prediction models 

for the two curriculum components under cons i derat ion. k This procedure 

2 

first finds the one variable mode! producing the greatest R value, Then 
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•mother variable, one which will vield the greatest increase in 
variance accounted for, is added. After the two- variahle model is 
obtained, each of the variables in the model is compared to each 
variable not in the model.. This procedure doterminos if removing 
the variable in the model and replacing it ifHh the excluded variables 
will increase R*\ : This comparing-and-swi tching process is repeated 
until the optimal arrangement of predictions in the model are 
found (Barr and Goodnight, 197?;, Results of these analyses are 
presented in Tables 3 and 4, The r values for both regression models 
were determined to be significant, namely, F = 2.05, p .03 (per formats 
objectives), and F = 3.29, p .0? (self-analysis sHUsJ. 



The probable existence of suppression variables in the regression 
models was initially realized when the correlation analyses were 
conductor! among thn variables in t he two data set'., confirmation of 
the r existence, resulted however, when the sign of Mn* beta value 
of ea(h predictor was compared wiMi the sign of the nn relation co- 
efficient between the predictor and dependent variables.. Suppression 
variables identified in this I!i<hiikm included MM? I and f'MP from the 
pprl ot mance objectives curriculum' fompononf, and (V<°., II f, and RLljfl. 
from tho sHf-analysis skills, unit [iecause of this finding, these 
variables were omitted from further consideration since the variance 
attributed to suppression variables defies explanation. 

The regression procedure implemented for the prediction models 
produced partial sums of squares for each surviving predictor which 




Insert Tables 3 & 4 
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{iPi..lPn Ihn Ill.fiOl I *HH.f» Wl'iqhf I III* Uh» IVI'M I M i M'l Villi. lli|»» f . Ill Hm c|f»c I 1 Hfl 

equations* Substituting these values into the generalized expression, 
n 

Y min . | w - X., produced the followinq decision oquat i ori for the per- 
formance objectives component: 



•i min : 3,15 ♦ ,.57 X, T ♦ .2-1 X pT ♦ .54 x^, . .16 X RECYB . 

while the decision equatrm* for tho self-analysis skill component as suited 
the form: 

Y min 7.17 v i 3.56 X nt T 
C >l. I 111. 

Subs t i tutinq the mean values (fable b) for nach variable in each 
equation and performing the arithmetic operations yielded 31.48 for 
the per to mum cc objectives curriculum component and Qf.bb for the 
sel f-ar\il »sis skill curriculum component, These values were compaied 
with criterion values (Y min) calrulated for each equation based on 
maximum valuos for each decision variable (Table 5) multiplied by 
a ,.75 accomplishment factor. The resultinq criterion values for the 
performance objectives component was 30.64 while Uie cut-off value 
for the self-analysis skills component was 120. /I. Clearly, the 
calculated value for the self-analysis component (97.65), did not 
reach the criterion value of 120.71.. Conversely, t ho calculated 
valijp foi Lhc* ppHoi nian< r oli jncf i vr ,r i f f iiupcirif »n I nxtrrded the » 

(ut-oM value* of 30. fr4. lompari mm the maun i f ud'". ol th<» c rilculdtor] 
decision values. (>IX) with tne respective criterion values (Y min) 
for each component lustiffes: the decision to extensively revise 
or delete the curriculum component on self analysis skills, and 
the decision to retain th#» performance objectives component in the 
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< >nt hmI t #1*1 w 1 t hf v j t H'fuh f if .» f i fin. 
Di scussjon 

A cursory examination of t he 1 n)siilts of Uu>'^ analyses suggests 
that the goals of tins pinjort vtp»o achieved. However, a number of 
assumptions, observations, $nd dor is ions worn hmcJp which heretofore 
have not been addressed. First, curriculum evaluation as practiced hero 
assumed the performance objective f o be the basic organizational 
element in curriculum design, instructional activities and assessments 
were directly related to performance objectives in Mi^* various com- 
ponents, thereby allowing thes>>< curricula?' rl'-monts to be : isolated 

V 

tor evdl licit ion. 

Second, another assumption of this project was that candidate 
achievement data obtained from criterion-referenced tests could serve 

jl functions. One function of t hr- data was to provide course pro- 
gress indicators for the candidate's course (node, while the second 

function was to evaluate the effectiveness of curriculum comuonents 

> e 
related to particular object ivf In the case of student progress, 

assess, nent data were treated ideographical ly, that is. (he candidate - 

was tho unit of analysis. However' for the second function, program 

evaluation, tho achievement data .:<m\/ treated nntmat i v«»l y . Ihis 'Lit a 

I wa , thought *n hn most appropi latr fm (he r^iI'Minn /aridhl<* 

uv«l in 'irriving I ho weights f'>r \\\o decision fpiat inn', \\ot «njse of 

f Mf» rrlafion of Ihcsr data In tin \ »r», I m< t. it ma I uu'VOM-nr,, and Ium <i 

of the careful attention and thought afforded the t^sts hy the candidate 

Moreover, Scriven's position on ra/off evaluation (1967, pp. 59-62) 

lends credence to the application of an achievement data set as the 

12 
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rri torion variah !e in the ifp< i$inn process. 

Hyrd, only endogenous variables^ those winch occur as a result 
of events within the curriculum, will be considered as potential 
elements in a curriculum decision equation. The -logic of thi.s 
decision rests on the idea that adjustments of the curriculum can 
influence the magnitude of these variables, whereas exogenous variables, 
such as personality traits nf an j ndi vi dual wh i i h riie external to the 
curriculum, cannot be modified by changes in the curriculum. 

fourth, considerations for weighting the data rancpd from intuitively 

assigning decision weights to devising a multi-stop procedure which 

provides empirical justification for the assigned weight:**. Since the 

data available afforded numerous variables, and t ho criterion variable 

was known, leqression procedures '.-^re considered viable for quantifying 

the "weighting" process, Regression procedures are relatively free 

of operational assumptions, and ma/ be readily employed given 

appropriate computer software, naxfiel y , user oriented statistical* 

2 

packages, further, maximum R improvement regression analysis yields 
two important elements in weighting the data: 

a) the partial sums of squares values which indicate the 

unique contribution of each predictor to the overall variance 
in the regression model (Draper, Smith, 1966). 
!>) beta values for eat h vaiiablo which servr [n viMify whether 
i that predictor is a supppssnr variable (fiatms, 1061]),, 



lj_fth, the generalized first order linear equation, 
*i 



Y mi n 



- n- 



I • X., for evaluating the curriculum components resulted 
xi i , 



after considering whether transformations of the data sets (reciprocal, 



& 
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""*' L U <"'« *«*cr ,>",) wou.d enhance 

*cisi„„ e„ua,i„,„. ror th „ e adjuu , i(!nt ^ [h _, aiiproprjaie ^ 

shou.d ho ,„ade on u,e basis of previous t„ 0 „,„„„ c ,„ouf the effec[ „ f 
U» transition r the variaMe.- Usually. „,„ conditj , n „ „ ot 
k"».n, for oxo,„,„, ».t ^ ,»,t™ct,.,„ „ w , ftMBC . „ f „,,„, 
"» -.t,,r.l >„ 9 arith,„ (,„*, of , supervfso ,., s ^ ^ 

Now does thi, tr , lnsforaat(oI , influence t|)e ?tatjstkai ana)ysjs? ^ 

. . loestion, H.ustrate pote.atia, „„«„„„„ , fftet , 0( „ 0S5( „ ]e ^ ^ 
formations. ,„ addition , the ^ ^ ^ 

decision weights win „„ t be sutisficaMy ,l wt „ c , Bt „ the fjrst 
order ,„ode, di,re,,e, t „o far fro,,, Hnearity. Because of these 

observations, the decision was ,„,* to use the „ ,„ii„d expression 

»"> nrst order variables rather than resort to data transforations 
which would increase the complexity of the equation,. 

"Silly, the relations of decision variable, to the criterion J,,,,, 
"""^ t0 ° f 'ooservatioos f™ which (he „ cfsio „ „ eight , 

■ wore derived. ,„e 5 i 1)nl ncance of this observation is that each ti„o 

. l0 be e ^ 1u ^ed a unique decision equation 

mist bp dovnlopod. 

in v.ow of these assumption,. observation,. „„„ notations of 

"» .,,„. jMt 

'"■ """"" ' ' n-c 

""""" stop; tafdt, to att ,,,,„„. (ssi , tj ,„ |y 

the „<„■„ ca„ed ,„r the integration of „e, oh ted data into 

decision e W at,^s for „rr1c«l.r evaiuation. ,„J. „,„„,,„ pTOC( ,„„.„ 
t were developed t<T accomplish thH r ina ir ' 
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1) Identifying potential deusion v<niahlf>s - Ihi-v step is 
accomplished by do torrni n i ng the logical predictors among 
the arvay of predictor variables that are available. 

2) Splectjncj decision variables - A multiple correlation pro- 
cedure incorporating the variables identified in step one 
is performed with the criterion variable to determine the 

\ "op t i rial combination" of decision variables. Ihis "optimal 

cant) ination" depends on fbe axiom, maximum variance with 
mini mum variables. 

3) Checjc l r\g RpKitjon Among Predictors - Simple correlation 
coefficients are calculated among all variables identified 
in Step 2, This procedure is undertaken tn determine the 
degree of independence among predictors. High correlations 
between predictors indicate a violation of the assumption 
of regression procedures, i.e. v independence of predictor 
variable^, and signals the prospect of suppression variables, 

> * 4) Determining decision - weights - A re^ros si on procedure 

is conducted with the decision variables identi f iecf in 
Step 2. This procedure yields an overall (-test for the 
regression model, as well as F values fo» each decision 
variable in the model. If the overall I value is not 
\ i qn i i i c <m I , i ml \ i.<\ I i ng I he 1 var i tint r at uiuu ( «»d lor by the 
decision variable', is slight or the ^egr^ssion is not 
linear', the process to determine a Mecision -eguation terminates 
r\\. this point for the instructional component under cojisuieral ion, 

* 

Conversely, if the overall F value is significant, the decision 

+■* 
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woiqhf (or each v.nidhlr .lssumos Uip niji'»'M(.>l value of thr 
partial sums of squares for that variable. Iho direction- 
ality (ari thinoti c sign) of tho decision weight assumes the 
sign of the beta value for the variable provided the sign 
of the simple correlation between that variable and the 
criterion correspond to the sign of the beta value. 

5) l/jporporatjjijj de cj s i on we i i Si.it?. l n A° a . decision equation - 

The decision weights resulting from the reqression pro- 
I 

cedure are then substituted into the general expression 
i 

Y m * n :_ n =] 1 x j to complete the decision equation. 

6) Sojyjng decision equation - The expression on the right side 
of the equation is solved by adding the products of the 
respective decision weight - variable means together. The 
expression Y min is determined in much the same manner 
except maximum values replace the mean values. The resulting 
sum is then multiplied tw a .,75 accowpl i shment factor. This 
value was selected as th^ acoompl ishiront fac tor because of 
potential positive >ias on rating scales and perception 
instruments , and the intuition that an instructional program 
should not be considered effective unless it- is compared with 
f j fairly rigorous but attainable standard. Interpretation 

of t hf v tesulK of those r .iluil at inns drquvid on I he relative 
iiMqnihidns of the solutions; if tho Vri I u*^ of Y nun exceeds, 
thr- value on the right m ,! of the expression rpvision of 
t fie instructional component should be seriously, considered. 
That these steps represent a functional process depends on whethe 

16 • 
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o.iploinerrat ion ha, ru.uiirH and yiolded rf»s ul t wimh -n nkmm i n<|f ti I . 
Results f)l L ho i» vd I if«it ions included in tins papor have illustrated 
that indeed these steps arc feasible and do provide empirical support 
lor curriculum decisions. In essence, this pro k^J (wis operational)^ 
the integration of longitudinal data sets into a Mineralized mathemati 
expression for rendering precise rurricular derisions. 
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Correlation Matrix of Predictor and Dependent Variables 
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Table 3 

2 

Maximum R Improvement Regress ion Procedure for the lk?p°rident Variable; 
Learner Achievement on the Performance Objectives Inst met ional Component 



Source 


III 


SS 


US f 


Prdt. 


R ? 


Peqression 


7 


6.024 


.P.61 2.654 


.03 


.367 


Pes i dual 


32 


10.376 


, 324 






lotal 


39 


16.400 








Source 


Partial SS 


b value 








MS18 


3.15 


.67 








IT 


.57 


.07 








IT 


.24 


.05 








•iSBT 


.20 


-.03 








< sb r 


<54 


.01 








rsia 


.47 


- . 29 








•■K.YH 


. 1() 


.()'. 









20 



t 



f in t i ( ii I urn Per i s i ons . . '.'<) 



Table 4 
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Maximum R Improvement Poqression Procedure foe 
learner Achievement on the Self-Analysis Skills 


the lie pen. lent 
ins true f.'ional 


Variable: 
Component 
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Table 5 

Moans and Maximum Values of Independent Variables 
Used in Decision Equations 

Curriculum Components 

j'erjo rniance Ob j ecti ves Se 1 f Ana lys i s Sk ills 



Variable X Max X Variable X - Max X 

I 

f'l L i fi 1.4 7 5.0 CSHT .'1,-17 15 

HS18 4.48 5.0 PET 10,37 15 

!SBF 21.10 30.0 

II 6.88 10.0 

, »T 7.53 10.0 
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